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Our code Our paper

1. Diffusion-Link improves matched audio—text similarity by +41.6%, indicating reduced residual modality gap.
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2. Without retrieval-based(RAG) external knowledge, it achieves SOTA zero-shot AAC and improves by +52.5%.
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3. Under fully supervised AAC, it still improves by +7.3% over the baseline.
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4. The improvement comes from a lightweight bridge: frozen audio-language encoder + 3-block residual MLP diffusion
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module.

https://github.com/kaistmm/Diffusion-Link

ICASSP 2026 - Diffusion-Link KAIST & University of Seoul



